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Aeroengine Novelty Detection Method Based on Online SVDD
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Abstract: To tackle the aeroengine novelty detection problems resulted from the characteristics of flight data including large scale, unbal-

anced distribution and increasing with time, a method of aeroengine novelty detection based on online SVDD is proposed. Firstly, the theory of

online SVDD is introduced briefly; secondly, the performances of current online SVDD methods are investigated comparably with large scale

dataset; lastly, two typical novelties are used to execute aeroengine novelty detection. Experimental results show that online SVDD can recognize

the aeroengine novelty rapidly and accurately.
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